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INTRODUCTION

Pedestrian detection Is an important
research topic In computer vision.
Despite  the recent  progress,
pedestrian detection still remains a
challenging problem. Small and
occluded pedestrians are often miss-
detected due to low resolution and
NOISY representation.

CONTRIBUTIONS

To handle these Issues, we propose:

* Fine-grained attention module to
guide the detector to focus on
pedestrian regions

* |ntuitive zoom-in-zoom-out module
to further alleviate the detection of
pedestrians of small size
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Graininess-aware Deep Feature Learning for Pedestrian Detection

~
/[
(|

o — — — — — — — — — — — — —

> Down-sampling

> Up-sampling

Chunze Lin, Jiwen Lu, Gang Wang, Jie Zhou

Convolutional Backbone

conv3 3

Tsinghua University, China; Alibaba A.l. Labs, China

lcz16@mails.tsinghua.edu.cn, lujiwen@tsinghua.edu.cn, wgl34231@alibaba-inc.com, jzhou@tsinghua.edu.cn

— e — — — — — — — — — — — — ——————— ———— — —————— — — — — — o m— m— ———— — — — — — —— —— ————

Module ‘

conv4 3

conv5 3 conv_fc7

— — — — — — — — — — — — — — — — — — — — — — o — — — e — — — — f— — — — — — e — — — — — — — f— — — —

convée_2

x4
1 x8 W
7

I
I
I
|
I
!
I
I
I
|
I
I
I
I
I
I
I
I
I
I

/
s

Small Pedestrian Large Pedestrian
Attention Attention

Z1ZOM

|

Pedestrian Detection

conv_fc7 convb 2

——— e —

Small-size Pedestrian Attention

Input image

_________________________________________________________________________________________________________________________________________________________________________________________________________________________________

Large-size Pedestrian Attention

miss rate

i ECCV 2018

European Conference
on Computer Vision

8 - 14 September 2018 | Munich, Germany

Z00m-in-zoom-out module (ZIZOM)
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Conv5 3 has more capabillity to
get context Information while
conv3d 3 Is able to get more
local detalls
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Architecture of module
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